I. Introduction
Microfinance is made up of a set of small size financial products which include savings, credit and insurance, and which suit people with low incomes who were at first excluded from the classic or formal banking system (Soulama, 2005) . According to Cull, Demirguc-Kunt, and Murdoh (2009), the argument that microfinance institutions should seek profits has an appealing -win-win‖ resonance, admitting little trade-off between social and commercial objectives. Irrespective of the renewed emphasis on the financial systems approach, over the years, many Micro Finance Institutions (MFIs) have developed a range of services to address the requirements of the poor, such as the Income Generation for Vulnerable Group Development (IGVGD) programme of BRAC, Bangladesh. Despite the widely held belief among strategy makers that microfinance has a relatively small impact on poverty at macro level, some recent studies have shown its significant effect on poverty using household survey data. Microfinance products are provided by the intermediation of a multitude of institutions which vary according to size, the degree of organization and the legal status, and include NGOs, associations, mutual insurance companies/cooperatives, limited companies, banks, financial institutions, but also more informal and unregulated institutions such as tontines, usurers, change keepers, loans between friends, etc. (Soulama, 2005, www.lamicrofinance.org). For some years now, microfinance has been found a vital tool to eradicate poverty among the vulnerable by the provision of products and banking services similar to those delivered by classic institutions (Brau and Woller, 2004) . Observations were made on the growth of these institutions all over the world. In fact, according to the report of the 2012 campaign published by the microcredit summit on December 31, 2010, there existed 3652 institutions that took care of about 200 million customers. In spite of their recent development and strong proximity to the poor, it is important to note that formal microfinance institutions only bring a very partial answer to the poor households' need for finance. Nimal (2008) reveals that although microfinance institutions are present in Asia and the pacific regions, more than 300 million households undergo from the lack of access to financial products offered by the formal and semi-formal sector. In sub-Saharan Africa in 2008, the number of active borrowers and savers in percent of population living under national poverty line has reached a rate of penetration of about 3% for credits and 5% for savings (MIX and CGAP, 2010) . These rates confirm the irony observed around microfinance today which is the preference of households for savings products, in comparison to loans (Meyer, 2002 Tankha (2002) states, ‗‗their findings cannot be careful to be decisive or even convincing.‖Nevertheless, this Puhazendhi-Badataya (2002) study has had much policy influence, quoted by many sources and most recently by the RBI (2008) there seems to be a need to understand the behavior and preferences of the poor in terms of financial services (Matin et al., 2002) . Given the often informal nature of the financial services used by the poor, such an analysis requires integrating the presence of social networks and social capital not only as a source of choices of credits but also as an explanatory factor of the choice. In developing countries, networks are made up of the community and ethnic groups. The first network generally constitutes a source for competitive credit. Considering ethnic network analysis, studies on their interaction with the credit market are scarce. Some research documents examine the interaction between ethnic groups, credit and enterprises in Africa but they do not explore the diversity of the 
II. Literature review
Micro-finance rations empirical analysis explanation of the Access formal sources. In fact, according to Stiglitz and Weiss (1981) , the presence of problems of asymmetries of information (adverse selection and moral hazard) at the level of financial markets and the problems of enforcement of contract lead to credit rationing through the formal sources. Chung (1995) and Mushinski (1999) shamika Ravi et al (2011) showed that heavy transaction costs in the formal sector can discourage some households to take loans. In such a situation borrowers need to consider informal sources as last resorts or as alternatives to the formal sector in developing countries. According to Kochar (1992) , informal loans, especially those from friends and parents, would be less expensive as compared to the formal loans and therefore preferred by borrowers. Guirkinger and Boucher (2007) add to this that informal lenders have access to local information, allowing them to write down contracts that are less risky for borrowers. The relatively low information and transaction costs, the simplicity and flexibility in financial procedures ease access to low income persons.
The microfinance literature demonstrated how the problem of information asymmetry can be tackled by the use of social capital (Rankin, 2002 , Gomez and Santor, 2001 and Besley and Coate, 1995 . Social capital refers to the norms and networks that enable people to act collectively (Woolcock and Narayan, 2000). Fox (1996) defines social capital as a social organization, relationship of cooperation and reciprocity, networks and leadership that facilitate collective action. Social capital could be the degree of trust in government or other societal institutions (Fukuyama, 1995 cited in Okten and Osili, 2004), social cohesion, reciprocity and institutional effectiveness. Or as stated by Grootaert and van Bastelaer (2002a), social capital is broadly the set of institutions, the relationships, the attitudes, and values that govern interactions among people and contribute to economic and social development. This definition depicts closely the developing countries' situation. Social capital helps to correct the issue of incomplete information by ensuring default payments through social sanctions. Social capital can be a tool for the diffusion of information on the sources of finance and consequently will influence the different choices (Okten and Osili, 2004) . This explains the inclusion of variables like ethnic groups and religious adherence further in this model. In the same way, their presence can constitute a non-negligible competitor for the MFIs.
At the empirical level, some authors think that it is important to make the distinction between access and participation to loan (Zeller, 1994 and Diagne and Zeller, 2001 ). Access to microfinance is an essential trend concerning the supply of credit, due to the fact that the lender decides on who can borrow or not. Participation is a phenomenon linked to demand. A household has access to a certain source if it can in principle borrow from this source. The household participates if it in fact borrows from this source. Therefore, a household can have access and choose not to borrow. Taking into account this distinction, the decision to choose one particular source of finance is done from an analysis of the demand for credit expressed by households and that is the move toward developed in study.
III. Objective of the study
To analysis Microfinance Accessibility and Households Improvement jawadhu hills of Tiruvannamali District in Tamilnadu
Hypothesis
Ho: microfinance Accessibility have not Households Improvement Jawadhu hills of Tiruvannamali District
Methodology the Household access of microfinance: empirical approach
An analysis of households decisional choices in the credit market are usually carried out using discrete choice models (Zeller, 1994 , Duong and Izumida, 2002 and Nguyen, 2007 . In fact, according to Atieno (2001) , it is impossible to identify a program for the demand for loans using an amount of observed loans since this only reflects the existing supply. The access microfinance function can only be interpreted from the decision to participate by the borrower, that is the decision to borrow or not to borrow and from which sector. The study using primary data though interview, econometric model logistic regression used, Zeller (1994) used a univariate probit model to estimate factors determining the borrowing decisions of individuals, from the point of view of their participation in the formal or informal credit market in Madagascar. The author treats market segments individually to identify the similarities and differences between the sectors in terms of demand for credits and their rationing. Nguyen (2007) also separates the sources of loans while expecting that the determinants of credit participating be different as the eligible requirements are different between sources.
Assuming that the household is rational in the sense that it makes choices that maximize its direct utility subject to constraint on expenditure, it is possible to derive an indirect utility function (Maddala, 1983) . We define an underlying latent variable y* to denote the indirect utility level associated to the direct utility y. The observed variable y is defined as: Equation……………………………………………………………………………………………………1) y=1 if y*>0 Y=0 otherwise However, there are many errors in this maximization because of imperfect perception and optimization, as well as the inability to measure exactly all relevant variables. McFadden (1974a) suggested using a random function where the random term comes in an additive manner. Consequently, this indirect utility function y* will be written as follows:
where x 1 is a vector of observable attributes specific to the household; ɛ 1 is the random component of utility that represents the unobserved household i's idiosyncratic taste for choosing a source. It is assumed to be independently and identically distributed.
Choice of the source of borrowing is a two-step process which requires that households demand a loan at the first stage, and at the second stage they choose the source where they want to borrow. Since the second stage is a conditional on the first stage, it is likely that the second stage sample is non-random, which could create a sample selection bias. Indeed, Nagarajan et al. (1995) think that estimates of loan demand or choice of credit source are often biased because they use models that do not adequately correct for selectivity bias. Therefore, it is important to correct for this sample bias in order to obtain consistent estimates. In our case, it is believed that the decisions of choosing a source of borrowing and that of expressing a demand of loan are correlated (both decisions are binary). In effect, the data set specifies a binary variable that identifies the observations for which the dependent is observed/selected or not observed. The underlying structural framework is a household access model with utility maximizing households, who demand credit (access = 1) if a loan is expected to increase utility, and they do not access microfinance (have not access = 0) in the contradictory case. The dichotomous microfinance access selection equation is given by: Equation
The latent equation is given as follows:
The outcome dependent variable y is observed only if y * >0 and d=1y * >0 and d=1. In other words, the dependent equation can be written as follows: Equation (5) Where the latent equation for outcome equation is Equation (6) y * =βx 1 +ε 1 It is assumed that the latent errors are bi-variate normal and independent of the explanatory variables. The probit model with sample selection can be expressed as follows: Equation (7) Heckman (1990) has shown that selection bias can be overcome by including the inverse Mills ratio from the sample selection equation in the equation of interest. In this approach, the selection into the sample of those who demand credit is first modeled. Then, the inverse Mills ratio (lambda) from this regression is incorporated into the equation of interest. We also encounter a problem of endogeneity of some explanatory variables. In fact, information on interest rates which represent the prices of loan from each source is missing in the data set. Since prices and income are the key variables explaining the demand for credit, the non-inclusion of the prices variable could create a correlation between the variable income and the error term. That could lead to an endogeneity bias, making the estimator inconsistent. Cited in Wooldridge (2001) MF denotes the loan access equation, GEND denote the sex of respondent, RSAGE denote the age of respondent, MARRIEDST denotes the marital status of the household head, HHEDU denotes the household head education, TYPHOUSE denotes the types of house, WONLAND denotes the respondent have own land, LIVESTOCK denotes they have livestock, DEPENDRO denotes the numbers child dependent of household head, AFTASSETV denote assets values of the respondent, FAMILYTYP denote family types of respondent, SAVING denote whether household head have the savings, PURPOSBRO denotes the household does not plan to extend its activity, NOEDU denotes the level of no education, PSEDU denotes the household head primary education, HSEDU denotes high school or above, H_INCOME denotes household income level, LOCAT denote the geographical location, DISTMARK denotes the distance of household to market, DISTBANK denotes the house to bank distance , DISTBUS denotes the household to bus stop and ɛ i1 denotes the error term assumed to be normally distributed.
Data
Multi-stage random sample technique followed first stage chosen district, second stage selected taluk, than find out two panchayets it was covered 15 villages Primary data was collected through a survey interview used structured questionnaire, which include characteristics of the sampled households interview conducted in 2012 by the researcher, and it is part of research work. The research unit is the household and the people who live in it. The 400 households Living Standards interview is a district wide, the household interview through questionnaire with modules covering numerous aspects of living standards. The interview contains detailed information on microfinance access households from Tiruvannamalai District. Here gathering data on education, and employment status of household members, household economic activities, income and expenditure, household size and housing, borrowing and lending activities. It covers 6160 households living in Tiruvannamalai district. Out of 6120 households interviewed 400 households head respondents, including beneficiaries 260 and non beneficiaries 140 sample. They represent 17.9 % of the overall sample. This sample is composed of those who have access for and who have not access beneficiaries, those who have female and male, and those whose application has been refused. Table 1 gives a descriptive of this sub-sample of households needs a microfinance loan and presents the constructed variables' summary statistics. Source: authors' calculations Microfinance access age level of respondent minimum age 20, maximum age 57 year old, so most of respondent age 35 to 40 year old access microfinance, they involving self employment activity. They need financial resource from MFIs. Source: own computation from 2013 Survey Data. ***Significant at 1%.** Significant at 5%.*Significant at 10%. Table.2 showing Logistic regression made analysis household accessibility Based on the estimated results, total 20 variables are found to have significant influence on households' accessibility to micro finance, it was overall 83 percentage model correct. Include GEND (-), RSAGE (-), MARRIED (+), UNMARRIED (+), WONLAND (-), LIVESTOCK (-), CULTIVA (+), AFTASSETV (+), DEPENDRO (+), HOUSEHSIZE(-), SELFEMPLOY(+), NOEDU(+), PSEDUCATION(+), HSEDUCATION (+), INCOME(+), LOCAT (+), DISTBUS (-), DISTBANK(-), DISTBANK1(-), DISTBANK2(-). out of 20 variable 9 variables are statistically significant. The significant positive signs on MARRIED, UNMARRIED, AFTASSETV, SELFEMPLOY, INCOME, NOEDU, PSEDUCATION, and HSEDUCATION variables may be explained from the perspective of capital requirement. High-income households tend to have more investment opportunities, leading to stronger potential need for microfinance support. High-income households may also be more confident in repaying loans if they access. Therefore, they are more inclined to access microfinance. Similarly, the probability of accessing microfinance can be significantly improved when households get involved in self-business apart from agriculture production because of the higher capital requirement for investing in self enterprises. By the same token, households with members self business have greater need of microfinance access for off-farm investment and thus have a higher probability of accessing microfinance. Households with members working as local craft goods may also access micro-finance more easily due to their presumed good relationship with local financial institutions such as tribal co-operative society and nationalized bank.
Variables in the Equation
On the contrary, the significant negative signs on HOUSEHSIZE variables imply that households that are less budgets constrained or have surplus funds under their own control would be less likely to access microfinance.
The demographic profile of the 400 respondent household indicates that the average age of a household head is 37.28 years and about 84.63% of them fall in the economically active population (ages 20-57). The majority of household respondent (80.2) have no education. Approximately 13.8% and 14.2% of them have primary school education and high school education respectively. The socio economic categories define the broad sector of employment of the household head. The statistics reveals that the majority of households heads work in the agriculture activity laborer sector for the choice of for formal institutions, and the agricultural sector for formal loans. The majority of the household heads are married, which is a sign of household stability. The average household size in the entire sample is 4.89 persons per household. Concerning the income, the average value of income for formal sources is inferior to those of the informal sources suggesting low income households prefer demanding loans from the formal sources. The asset variable is a combination of the asset data which are all dummy variables, indicating whether households own a particular asset or not. Principle component analysis has been used to create the asset index, to proxy wealth and capture ownership of tangible assets. The assets considered are consumer durables goods. Ownership of these assets determines the choice of formal source since those assets could be used as collateral respectively distance parameter take dummy negatively significant associated accessing finance source DISTBUS (-), DISTBANK (-), DISTBANK1 (-), DISTBANK2 ( 
IV. Empirical results of borrowing sources
As stated earlier Logistic regression approach is used to estimate the determinants of choosing a microfinance program. Before proceeding to the regression analysis, let us analyze the stated endogenous problem. As stated earlier, Tiruvannamali district approach allows making a simple test on the residuals from income regression. This test reveals that income is correlated with the error term in the access equation. Concerning the demand of loan equation, the convectional Wald test statistic is significant at 1%. It rejects the null hypothesis that all coefficients are zero. Knowing the sign of the parameter is enough to determine whether the variable has a positive or negative effect on the access equation.
The following variables have been found relevant to explain the demand for a loan: income, owning land, having an own business, the household size, having no development project, and geographical location. The effect of income is positive and significant for demanding a loan. That demonstrates that a household demands a loan when its income is higher. Owning land increases the probability of demanding a loan. The explanation is that the land could be used as collateral by the household.
In the second step of the estimation, we try to determine the factors influencing the choice of formal versus informal sources. Again, the conventional Wald test statistic is significant at 1%, rejecting the null hypothesis that all coefficients are zero. The predicted probability of choosing formal source is 11.56%. That confirms the fact there is preference for informal sources in Cote d'Ivoire (Azam et al., 2001 ).
The following variables have been found relevant to explain the choice of formal source. Income has a negative effect on the likelihood that a formal source is chosen. Thus, financial sources of credit are preferred by low income groups. This is one of the main variables in our analysis, and result as an indication microfinance may help solve some part of the market failure in the financial sector in Tamilnadu. Low income households who will not be able to get a loan in the formal sector do get access to credit through the informal sector. This is particularly relevant in combination with the result for the loan size. The size of the loan is positively and significantly related to the probability of choosing the formal finance program. Indeed, the probit results display a positive and significant effect of the loan size for the alternative of formal source. That supports the presumption in the literature that informal institutions are far more effective at financing small borrowers than the formal institutions. Therefore, when the loan size is larger the household will choose formal sources. The higher transaction costs that are typically related to borrowing from formal sources may in the case of larger loan sizes become relatively smaller. The importance of personal wealth is confirmed here by the positive effect of the variable asset index, proxy of wealth, on the choice of the formal sources. In addition, the age of the household head raises the probability of borrowing from formal sources.
The effect when the household head lives in western rural forest and rural savannah comparatively to Abidjan is negative on the probability of borrowing from formal source. In fact, households living in such regions have difficulties to access to facilities, higher transaction costs and as such they do not choose formal institutions. This result is in line with the unequal distribution of MFIs on the whole territory, as stated by the national commission of microfinance (NCM, 2005) . The magnitude of these effects when the household head lives in western rural forest and rural savannah are a decrease of 6.7% and 6.3% respectively. This result corroborates Guirkinger's (2008) finding and Swain's (2002) finding that an area where the borrower lives has an impact on the choice of source of access.
V. Conclusion
Understanding the socioeconomic factors influencing the determinants of households' preference of microfinance program is useful for outlook policy designs, as it can give an indication of how well the microfinance access performs its function. Formal sources of loan co-exist in the market, with informal sources providing lower transaction costs. Because of information asymmetries, microfinance rationing may exist in the market, and transaction costs may be high. This may especially affect low income households, who may have a higher preference for small loans and thus face disproportionately high transaction costs in the formal financial sector.
This study attempted to clarify the role of microfinance in solving market failure by testing the impact of three variables on the source of microfinance. These variables were the household income, the size of the loan, and social capital, which was measured by tribal community background. It was in fact found that low income households tend to have a preference formal source of financial source, and smaller loans are also performed through the informal sector. This confirms our hypothesis that informal loans through microcredit institutions have a particular role to play in the financial sector in Tiruvannamali district. We also found that the choice of source of microfinance it is really promoted household economic and social status, depends in distance networks the source of loan.
Thus, we conclude that microfinance institutions very important role to play in the economy of developing countries. In the descriptive work that preceded the statistical analysis, it was also found that microfinance institutions in Tiruvannamali district collect a much larger amount in savings than what they give out in loans. Also institution will provide more loans, it may reduce rural poverty and microfinance institution open for mountain area it better access household. This is an interesting feature that demands further theoretical and empirical work to clarify the exact role of microfinance in developing countries. Indian policy maker provide institutional facility very near to household.
